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1-Nearest Neighbor
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Tabie d.  Results summary of TC systems on Reuters versions 1—4.
Reuters Reuters Reuters Reuters
Syutem version | version 2 vession 3 version 4
WORD — 15 (Seur) 31 (Peu) 29 (Pewt)
kNN — 89 (Seur) S (Seur) B2 (Sew)
LLSF - - /5 (Seut) 21 (Seut)
NNets PARC (perceptron) - - - 82 (Peut)
CLASSI (percepiron) - - 80 -
RIPPER (DNF) 72 (Seut) B0 {Seut)
SWAP.1 (DNF) i
DTree IND 67 (Peut)
DTree C4.5 - - 7% (R —
CHARADE (DNF) — — 78 —
EXPERTS (u-gram) - 75 (Seut) .76 (Seut) -
Rocclno 66 (Scut) .75 (Seut)
NawveBayes 65 (Peut) 7
CONSTRUE (Exp. 5ys.) 50 - - -
Yiming Yang, An ion of istical Aj to Text C: ization, Information Retrieval, vol.1,
69-90 (1999)




Fabrizio Sebastiani, Machine learning in
automated text categorization, ACM Computing
“{ 1 Surveys, vol.34, no.1, 1-47 (2002)
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