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Bagging: Bootstrap aggregating.
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FIGURE 7.12. Schematic of the bootstrap process. We wish to assess the sta-
tistical aceuracy of o quantity S(Z) computed from our dataset. B training sets
Z*, b= 1,...,B cach of size N arc drawn with replacement from the original
dataset. The quantity of interest S(Z) is computed from each bootstrap training
set, and the values S(Z*Y),..., S(Z*B) are used to assess the statistical accuracy
of S(Z)
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